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Pseundocode for simulated CPU task handler within discrete event simulation
Given a system server configuration with:

nchips = number of processor chips in system
330 ncpe = number of cores per processor chip in system
ncores = nchips * ncpe = total number of cores in system
ntpc = number of threads per core
nthreads = ncores * ntpc = total number of available threads in system

332~ [ linear scalability factors = [L,, L,, L., L,],

exponential scalability factors = [o,, o5, 05, @]

Variables:
ntasks = current number of tasks requesting CPU service dispatched to system
(* ntasks <= nthreads *)
333 ith = index to active tasks running from 1 to ntasks
Service_Demand(task_ID) = CPU time requested.
ServiceDemandRemaining(i) = requested CPU time remaining to be processed for task i
DTC(ith) = deliverable_thread_capacity to ith task.
CurrentTime = current time of simulation clock

START:
Until finished with discrete event simulation
334 Wait for “task dispatch event” (* new task CPU request or task CPU completion *);
HandleDispatchEvent()
End until;
END:

Figure 8A
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/ “task dispatch event”’: HandleDispatchEvent ()
{

if dispatch of new task
inc(ntasks),

ServiceDemandRemaining(ntasks) = ServiceDemand(new task);
else if completion of task j

for ith from j+1 to ntasks

ServiceDemandRemaining (ith-1)=ServiceDemandRemaining(ith);

Next ith;
335~ dec(ntasks),;

Delta_time = time elapsed since last allocation event;
Forith from I to ntasks

ServiceDemandCompleted = DTC(ith) * Delta_time
ServiceDemandRemaining(ith) =

ServiceDemandRemaining(ith) - ServiceDemandCompleted;
Next ith;

End if-else
DispatchAndCalculateExpectedTimesOfCompletion (ntasks);

\}

~ DispatchAndCalculateExpectedTimesOfCompletion (ntasks)
{

Jor ith from 0 to (ntasks — 1)
ichip = modulo(ith, nchips),
337 - icore = modulo(((ith-ichip)/ nchips), ncpc),
DTC(ith) = DeliveredThreadCapacity(ntasks, ichip, icore),
ExpectedTimeOfCompletion(ith) = CurrentTime +

( ServiceDemandRemaining(ith) / DTC(ith) );
Next ith;
~_
-~ DeliveredThreadCapacity(nthreads, ichip,icore) =
(OS _ EffectiveNelements(icore,ichip,nthreads)/ nthreads)
« Chip _ EffectiveNelements(icore, ichip, nthreads)
338 ~ ChipsContending(ichip,icore, nthreads)
« Core _ EffectiveNelemenis(icore, ichip,nthreads)
CoresContending(ichip,icore, nthreads)
« Thread _ EffectiveNelements(icore,ichip, nthreads)
ThreadsContending(ichip,icore, nthreads) ’
N

Figure 8B
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ThreadsContending(ichip,icore, nthreads) =

Ceiling{

Max{0, nthreads — icore * nchips —ichip] |
ncores ’

CoresContending(ichip,icore, nthreads) =
nepe=1
Z Min[ThreadsContending(ichip, jeore, nthreads),l],

Jeore=0

ChipsContending(ichip,icore,nthreads) =
nchips—|
Z Min[CoresContending( jchip,icore, nthreads), 1]

Jchip=0

OS _ EffectiveNelements(icore,ichip,nthreads) =
(1 + L, *(nthreads — )] * e, * (nthreads — 1)),

Chip _ EffectiveNelements(icore,ichip, nthreads) =
[1+ L, *(ChipsContending(icore,ichip, nthreads) - 1))
*ar, N (ChipsContending(icore, ichip, nthreads) - 1),

Core _ EffectiveNelements(icore,ichip, nthreads) =
[t + L, * (CoresContending(icore,ichip, nthreads) — 1))

*a ;™ (CoresContending(icore, ichip, nthreads) — 1),

Thread _ EffectiveNelements(icore,ichip, nthreads) =
(1 + L, * (ThreadsContending(icore, ichip, nthreads) — 1))
*a, " (ThreadsContending (icore, ichip,nthreads) — 1),

Figure 8C
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450

Pseudocode for service rate vectors, u(i),calculation.

Given a system server configuration with:

~ nchips = number of processor chips in system server

ncpe = number of cores per processor chip in system server

ncores = nchips * nepe

k ntpc = number of threads per core in system server
max_threads = ntpc*ncores = total number of usable threads

451 \'—_ linear scalability factors = [L,, L,, L;, L],

452

__ exponential scalability factors = [o1,, 005, & 5, O ,].

_ Variables:
i = index counting the number of tasks dispatched to server
icore = index counting the cores

ichip = index counting the chips

~— The service rate vectors y(i) are calculated for i =1 to max_threads,

4 54 N nchips=1 ncpe=1

455

u(@) = Z ZDeliveredCapacity(ichip,icore,i),

ichip=0 icore=0

N—

wherein

/ DeliveredCapacity(ichip, icore,nthreads) = ThreadsContending(ichip,icore, nthreads)
* (OS _ EffectiveNelements(nthreads)/ nthreads)

« Chip _ EffectiveNelements(icore, ichip, nthreads)
ChipsContending{ichip,icore, nthreads)

. Core_ EffectiveNelements(icore,ichip, nthreads)
CoresContending(ichip, icore, nthreads)

¢ Thread _ EffectiveNelements(icore,ichip,nthreads)
\ ThreadsContending(ichip, icore, nthreads)

Figure 10
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Pseudo-code to estimate service time from measured utilization.

Inputs:

N

\

L
/ Iterate:

.

Else

End If
‘Recompute service times
For each workload w

Max_Iterations
U_Tolerance

E Max=1
E_Min = minimum of {u (i) /i] overi=1, g

- Compute service times S,, such that the computed utilization U,, is within U_tolerance
of measured utilization U°,, for each workload w.

Service rate at thread population i, = number of active threads

Number of service rates = maximum number of active threads for given system
Measured utilization by workload w

Measured utilization summed over all workloads

Arrival rate of workload w transactions

The maximum number of iterations to perform

The required relative closeness between measured and computed service times

Compute the minimum and maximum possible efficiency:

Estimate the initial efficiency E and service times S,,

E=U%*E_Min +(1-U%) * 1
For each workload w

Sw=E*g*U% /A,

For j =1 To Max_Iterations

Next j

Compute traffic intensity p and utilization Uy using standard queuing theory and
latest estimate of service times S,
Close = True
If (p >= 1) or Absolute_Value(U, — U%) > U_Tolerance Then
Close = False
Adjust service times for device d as described below
End If
If Close then Exit For
If [ = Max_lterations then Error (failed to converge within Max_Iterations)

Now proceed with standard queuing analysis using the computed service times

/ To adjust service times:

If (p >= 1) or (Ug > U%) Then

E_Max=E
E=(E_Min+E)/2

E Min=E
E=(E_Max +E)/2

S.=E*g*U% /A,

Figure 11
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COPYRIGHT NOTICE

A portion of the disclosure of this patent document
contains material which is subject to copyright protection.
The copyright owner has no objection to the facsimile
reproduction by anyone of the patent document or the patent
disclosure as it appears in the Patent and Trademark Office
patent file or records, but otherwise reserves all copyright
rights whatsoever.

FIELD OF INVENTION

The present invention relates generally to computer server
capacity planning and enterprise application performance
engineering within the field of information technology and
more specifically describes a useful set of tools by which
data center managers can reliably estimate and compare
performance of server and workload migration scenarios
wherein the servers operate multithreaded processes on a
plurality of processor cores.

BACKGROUND OF THE INVENTION

The performance of large scale production environments
is an area of considerable interest as businesses become
more diverse and applications become more complex. Data
systems must remain reliable and available. Reliability and
performance can be a considerable issue in the face of rapid
system or application scaling such as would be experienced
in a merger of two large corporations or in the implemen-
tation of a new server intensive application such as a web
media application involving streaming video. Furthermore,
system architecture is rapidly expanding to take advantage
of CPU architectures having multiple cores with each core
containing multiple processor threads capable of executing
multiple program tasks.

A goal of modern capacity planners and application
performance engineers is to optimize business applications
on very large and complex systems with perhaps thousands
of server nodes that are often geographically dispersed. The
workloads processed by these applications and the infra-
structure in which they execute change over time. New and
different users and user behaviors change the level and mix
of the workloads. The servers, networks and their configu-
rations change for a variety of business reasons. Capacity
planners and performance engineers must determine a) the
impact of such anticipated or hypothetical changes, b) when
anticipated increases in workload levels will exceed the
capacity of the existing infrastructure, and ¢) what solutions
to predicted performance bottlenecks will be most effective.
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Capacity planners and performance engineers accomplish
these goals by measuring the current performance of their
business applications, load-testing their applications in a test
lab, or estimating such measurements during application
design, and then building performance models using those
measurements, and using those models to predict how
performance will change in response to anticipated or hypo-
thetical changes to the workloads, applications and infra-
structure.

Server consolidation is one type of change to the IT
infrastructure that occurs with increasing frequency in order
to simplify server management, reduce space and power
requirements, and other reasons—including simplification
and potential improvement of performance management.
However, the number of server consolidation options in a
modern large IT environment is enormous. I'T managers and
capacity planners cannot effectively choose among the
myriad of server consolidation options by trial and error or
rules of thumb. They need the ability to evaluate different
server consolidation scenarios rapidly and easily in order to
make good choices before implementing those choices.
Furthermore, with the advent of new processor configura-
tions such as multicore multithreaded processors, choice of
processor configuration becomes important to data center
configuration. The present invention facilitates evaluation of
server consolidation scenarios—and more generally of all
scenarios specifying changes to workloads, applications or
infrastructure—by modeling the scalability of the processor
configurations of the servers involved in those scenarios.

In some situations, low performance of a production
system may be analyzed. To relieve the situation, a workload
reassignment or new equipment may be needed. In the
absence of adequate modeling facilities the planning and
implementation of the nature of the equipment to be
deployed or the workload reassignment requires assembling
an expensive test environment and scaling analysis.

In the situation of interest in the present invention, pro-
cessor architectures utilizing a plurality of CPU chips, with
a plurality of cores per chip and multithreading may be
deployed to replace older slower equipment. In this case the
IT capacity manager is required to plan a detailed server
consolidation where the workload of a number of servers is
consolidated onto a smaller number of servers. In the prior
art, investigation of this type of system consolidation is also
carried out with a test environment.

Referring to FIG. 1, a moderm large-scale computer
network known as a production environment is depicted. In
a production environment, a data center 1 serves as a central
repository for distributed applications and data access to
other networks. The data center includes a business appli-
cation server cluster 2, a database server cluster 3 and a web
application server cluster 4. The business application server
cluster, data server cluster and web application server are
interconnected and provide responses to requests for infor-
mation from external sources such as shown at 11 and 12.
Requests for information can come from company intranets
such as shown at 5 which support other computer networks.
In this example, a single company internet can support an
operations network 8, a marketing department network 7
and an execution and financial network 6. Requests for
information are derived from applications running on the
various networks which generate workloads. Data center 1
in this example also services requests and provides
responses through the internet 6 to retail customers 10 and
other corporate customers 9.

This invention facilitates the evaluation of the perfor-
mance effects of all anticipated changes to workloads,
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applications and infrastructure. Some particularly complex
changes that have been difficult to analyze prior to this
invention are data center server migration, server consoli-
dation and workload reassignment. A general data center
server migration situation is shown in FIG. 2A in which a
source or base data center configuration 20 is to be changed
to a destination data center configuration 30. A set of Z
workloads 18 defined as {w}=w,, w,, . . ., W, are arriving
at source data center configuration 20 at base arrival rates
AB({w}) 15 during a base time interval. Workloads 18 are
requests for specific computer instructions to be processed
by the base data center. For example, the workloads may be
generated by a number of internet users simultaneously
utilizing their web browsers to view and interact with web
content from a particular company’s web servers such as
viewing catalogs of merchandise, investigating online speci-
fications, placing orders or providing online payments. A
destination data center configuration 30 is prescribed to
accept workloads 18 at a set of arrival rates A({w}) 16 where
A({w}) 16 is scaled from base arrival rates AB({w}) by
some scaling factor G({w}), where G(w)=1 represents the
processing of the workloads by the destination data center
configuration at the base (original) workload arrival rates.

Source data center configuration 20 comprises a set of N
server clusters 25-1, 25-2, . . . 25-N. Furthermore, server
cluster 25-1 comprises a set of server nodes 28-1 and
similarly, server clusters 25-1, . . . 25-N contain sets of
server nodes 28-2, . . . 28-N (not shown). Server clusters
25-1, ... 25-N functionally operates to service workloads 18
at arrival rates AB({w}) 15. The dimension of a server
cluster is defined as the number of server nodes in the
cluster. Source parameters 22 describe configuration param-
eters of the source data center configuration 20.

Destination data center configuration 30 comprises a set
of M server clusters 35-1, 35-2, . . . 35-M. Server cluster
35-1 comprises a set of server nodes 38-1 and similarly,
server clusters 35-2, . . . 35-M contain sets of server nodes
38-2, ... 38-M (not shown). Server clusters 35-1, . .. 35-M
functionally operates to service workloads 18 at arrival rates
A({w}) 16. Note that the destination data center configura-
tion 30 may contain a subset of the base server clusters
25-1 ... 25-M. Furthermore, note that N or M may equal 1
(one) and that the dimension of a given server cluster may
equal 1 (one) so that either the source data center configu-
ration 20 or destination data center configuration 30 may
contain only one server node. Destination parameters 32
describe the source data center configuration 30.

FIG. 2B shows a server node 50 typical of the server
nodes in the source data center configuration 20 or of
destination data center configuration 30. Server node 50
comprises a set of processor chips 55 arranged on an
appropriate electronics hardware platform (not shown) for
executing computational and 1/O instructions. The hardware
platform accommodates on-board dynamic random-access
memory 70 accessible by processor chips 55 for dynamic
data storage. Attached to processor chips 55 and contained
in server node 50 are a set of disk drives 60 for persistent
storage of data and typically comprised of magnetic read-
write hard drives. Also attached to processor chips 55 and
contained within server node 50 are a set of network
interface cards NICs 65 which provide a means by which the
processor chips 55 attach to networks.

In migrating from source data center configuration 20 to
destination data center configuration 30, a potentially large
number of configuration parameters 22 and 32 must be
specified or computed. Source parameters 22 are measured
and specified typically as a baseline. Additionally, work-
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loads 18 may be grown on a number of time intervals so that
the performance sensitivity of the destination data center
configuration 30 to workload may be plotted as a function of
time

In server consolidation, the workloads from selected
source server clusters 25-1, . . . 25-N are fully reassigned and
distributed to the destination server clusters 35-1, . . . 35-M.
The present invention applies generally to situations
whereby the IT manager desires to understand what the
performance of the destination data center configuration 30
will be relative to the source data center configuration 20 so
as to optimize the destination data center configuration 30
for performance, cost, upgradeability or other feature. The
preferred embodiment of the present invention provides the
ability to evaluate the performance of multichip, multicore,
multithread processor configurations—and the effect of their
performance on the performance of the applications and
workloads—involved in server consolidation, workload
reassignment and all other changes to a data center’s work-
loads, applications and infrastructure.

In the case of multicore, multithread processing units,
more sophisticated capacity planning and performance engi-
neering tools are needed. Analysis tools in the state of the art
may take multiple CPUs into account, but do not take into
account non-linear scalability effects when resources such as
cache memory and disks are shared by multiple cores and
multiple threads.

In FIG. 3, the set of processor chips 55 is shown wherein
each CPU chip may contain a plurality of microprocessor
cores 80, a microprocessor core having for example its own
floating point unit and its own instruction pipeline. Within
microprocessor cores 80, it is possible to fork the instruction
pipeline into multiple logical processor threads 85, wherein
each processor thread (thread) may be activated to execute
program instructions for different programs or may be
activated to execute parallel processing instructions for a
single program.

Program instructions assigned to and being executed on a
processor thread is referred to as a task; the terminology
“active thread” means a processor thread with a task cur-
rently assigned and executing When processor threads 85
are activated the operating system will typically allocate
tasks to processor threads most efficiently by minimizing the
number of active threads per processor chip 55 and mini-
mizing the number of active threads per core 85 so that
on-chip resources are less likely to be shared. In planning for
capacity upgrades, scalability becomes dynamic wherein
active thread population varies with workload as tasks are
allocated and deallocated in rapid succession. As active
thread population varies in a dynamic way, CPU perfor-
mance and system throughput will also vary in a dynamic
way.

A performance tool is needed to take into account the
variability of CPU performance in the presence of multicore
multithreaded CPU architectures. The capacity planner for
an enterprise system is faced with hardware upgrades which
leverage these new highly parallel processing architectures,
but complicate the allocation of workloads across the enter-
prise system. Furthermore, OS system designers require
performance information that will allow the OS system
designer to avoid inefficient thread dispatch algorithms.
CPU architects require performance models of real systems
in working environments so that processor chip architectures
will combine resources optimally for threads and cores.

The present invention teaches a novel method for analyz-
ing a multicore, multichip, multithreaded system architec-
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ture for the purposes of producing capacity planning in
multichip, multicore, and multithread environments.

The present invention teaches a novel method for analyz-
ing a multicore, multichip, multithreaded system architec-
ture for the purposes of producing capacity planning in
multichip, multicore, and multithread environments. While
CPU performance data is beginning to be compiled for this
class of systems (e.g. SPECint_rate2006 from Standard
Performance Evaluation Corporation), apparatus and meth-
ods do not currently exist in the art to reduce this data to a
usable form in capacity planning analysis and teach the
utilization of such data. The complications of the problem
capacity planning problem incorporating new system archi-
tectures are three-fold:

1. It has been historically observed that the performance
of computers with several single-core, single-thread
chips does not scale linearly. Analysis of the perfor-
mance of recent multi-core and multi-thread processor
chips indicate that they do not scale linearly in these
dimensions as well.

2. The performance scalability of computer systems is
also affected by the efficiency of the operating system
to schedule the use of the processor resources. A
particular system may perform differently with the
same applications run with different operating systems.

3. The observed response time of requests for CPU
processing on multi-thread processor cores typically
increases in discrete steps—not in a smooth curve—
with increasing load. For example, a typical hyper-
threaded processor core may exhibit a throughput
capacity of “1” with a single active thread and a
throughput capacity of “1.2” (20% increase) with two
active threads on that core. If the response time of a
CPU request was one second when that request is
executed when it is the only active thread on a core that
response time will increase to 1.67 seconds if there are
two threads active on that core.

Briefly, the reason the performance of these systems do
not scale linearly is due to contention for hardware
resources. In older, single-core systems that contention was
usually most noticeable at memory—multiple processing
cores trying to access the same bank of physical memory
which had long access times compared to the processor
speed. In later systems the scalability was improved with the
introduction of high-speed cache memory but shared cache
could still limit scalability as well as access to memory on
cache misses.

The scalability of multiple processor chips and multiple
cores per chip in contemporary systems is still dominated by
memory access. Although these systems may have three or
more levels of cache the second or third level (L2 or L3
cache) may be shared by multiple processor chips or mul-
tiple cores on a chip. Even with the introduction of multiple
levels or cache, memory access continues to be a perfor-
mance issue because processor speeds (clock rates) have
increased by orders of magnitude while memory access
speeds have increased by factors in single or double digits.

Multiple hardware threads executing in a processor core
share the instruction execution logic of that core. Each
program instruction is executed in a series of steps or
“stages” in the processor logic; e.g., instruction decode, data
fetch, branch prediction, logic operation (add, subtract,
Boolean, etc.) and data store. This series of stages is known
as the processor execution “pipeline.” As an instruction of a
program passes through a stage of the pipeline the next
instruction of that program can advance to that stage of the
pipeline.
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Since an instruction does not typically utilize all of the
capability of any one stage (an arithmetic operation won’t
utilize branch prediction logic and a Boolean operation
won’t utilize floating point arithmetic logic), with the addi-
tion of an additional set of instruction data and control
registers an second independent “thread” of execution can
make use of idle logic at any stage in the pipeline. (The
second thread must be an independent instruction stream
because of data dependencies within any single instruction
stream.) The primary contention between multiple hardware
threads in a core is access to the required logic at each stage
in the pipeline although some contention for memory access
still exists. The contention for “stage logic” can be mitigated
by replication of some logic at critical stages (e.g., dupli-
cation of Boolean and integer logic in the “operation stage™)
to make the use of more than two hardware threads at a core
a viable architectural alternative.

The problem addressed by the present invention is to
devise a consistent, parameterized algorithm that can be
used to model the performance and response time across a
broad range of these types of contemporary and future
processors and operating systems.

SUMMARY OF INVENTION

The present invention teaches apparatus and methods to
assemble CPU performance data into a scalability model and
then to use the scalability model to predict system perfor-
mance for multithreaded, multicore and multichip processor
based systems.

In one embodiment of the present invention a method is
taught whereby CPU performance data is efficiently gath-
ered into an internal CPU performance repository where the
internal data is analyzed by the characteristics of operating
system, chip architecture type, number of chips, number of
cores per chip and number of supported threads per core to
determine a set of scalability factors. Scalability factors are
defined for linear and exponential scaling of the character-
istics with numbers of elements per characteristic.

The scalability factors, once determined are used in
another embodiment of the present invention to analyze
system performance for a source data center system and a
destination data center system for the purposes of capacity
planning. A first embodiment of the analysis process teaches
the assemblage and utilization of a discrete event simulation
model in which the novel multithreaded, multicore, multi-
chip scalability factors are implemented to enable capacity
planning using discrete event simulation of applications and
workloads due to applications.

A second embodiment of the analysis process teaches the
employment of scalability factors for multithreaded, multi-
core and multichip system architectures in a queuing theory
based analytical method for the purposes of capacity plan-
ning. More specifically, methods are taught wherein service
times for the system workloads are estimated and service
rate vectors for processor configurations with various CPU
request loads are determined and applied to a capacity
planning tool.

In embodiments of the discrete event simulator and ana-
lytical methods for capacity determination of CPU architec-
tures based on scalability factors an efficient method of
dispatch is taught.

In an alternative embodiment of the present invention,
efficiency of dispatch processes in operating systems for
different CPU architectures operating in different system
level and data center configurations may be determined.
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In another alternative embodiment, different CPU archi-
tectures may be compared in the CPU design process for
various system level and data center configurations.

BRIEF DESCRIPTION OF DRAWINGS

The disclosed inventions will be described with reference
to the accompanying drawings, which show important
sample embodiments of the invention and which are incor-
porated in the specification hereof by reference, wherein:

FIG. 1 is a prior art diagram of a data center and
applications service network.

FIG. 2A is a block diagram depicting a server migration
from a source data center to a destination data center.

FIG. 2B is a block diagram showing the components of a
server node within a data center configuration.

FIG. 3 is a block diagram showing CPU architecture
incorporating multiple chips, multiple cores and multiple
threads per core

FIG. 4 is a flowchart depicting the operation of a capacity
planning tool that utilizes scalability factors for CPUs with
multiple chips, multiple cores and multiple threads per core.

FIG. 5 is a block diagram of the internal performance data
repository in the preferred embodiment of the present inven-
tion.

FIG. 6 is a block diagram of an example scalability
analysis for a multithread, multicore, multichip processor.

FIG. 7 is a flowchart depicting a preferred embodiment of
an analysis process which uses discrete event simulation in
combination with processor scalability factors.

FIGS. 8A, 8B and 8C are a pseudo code listing of a
simulated CPU task handler within the discrete event simu-
lator of the preferred embodiment of FIG. 7.

FIG. 9 is a flowchart depicting another preferred embodi-
ment of an analysis process which uses standard queuing
theory analysis in combination with processor scalability
factors.

FIG. 10 is a pseudo code listing of the method for
determining service rate vectors within the preferred
embodiment of FIG. 9.

FIG. 11 is a pseudo code listing of a preferred embodi-
ment for estimating service times within the second embodi-
ment analysis process of the present invention.

FIG. 12 is a flowchart depicting a preferred embodiment
of the process for creating scalability factors from existing
CPU performance data in the preferred embodiment of the
present invention.

FIG. 13 is a flowchart depicting a preferred embodiment
of the fit process for determining scalability factors from
existing CPU performance data in the preferred embodiment
of the present invention.

FIG. 14 is a flowchart depicting a preferred embodiment
of the detailed process for creating scalability factors for
operating systems from existing CPU performance data in
the preferred embodiment of the present invention.

FIG. 15 is a flowchart depicting a preferred embodiment
of the detailed process for creating scalability factors for
threads and cores from existing CPU performance data in
the preferred embodiment of the present invention.

FIG. 16 is a flowchart depicting a preferred embodiment
of the detailed process for creating scalability factors for
CPU chips from existing CPU performance data in the
preferred embodiment of the present invention.
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DETAILED DESCRIPTION OF PREFERRED
EMBODIMENTS

The numerous innovative teachings of the present inven-
tion will be described with particular reference to the
presently preferred embodiment (by way of example, and
not of limitation).

While the present invention has been described in terms
of specific embodiments thereof, it will be understood in
view of the present disclosure, that numerous variations
upon the invention are now enabled to those skilled in the
art, which variations yet reside within the scope of the
present teaching. Accordingly, the invention is to be broadly
construed, and limited only by the scope and spirit of the
claims now appended hereto.

FIG. 4 shows the capacity planning system 100 for
planning a system migration from a source system configu-
ration 114 to a destination system configuration 115. The
source system configuration 114 may be similar to the
source data center configuration 20 of FIG. 2A, having a set
of base servers and a set of source parameters describing
those base servers and wherein the base servers have nodes
with CPUs, disk drives, memory and NICS similar to FIG.
2B. The destination system configuration 115 may be similar
to the destination data center configuration 30 of FIG. 2A,
having a set of new servers and a set of destination param-
eters describing the new servers and wherein the servers
have nodes with CPUs, disk drives, memory and NICS
different than those of the source system configuration. In
the context of the present invention, the new servers in the
destination system may have a plurality of processor chip 55
each having a plurality of microprocessor cores 80 and each
microprocessor core 80 having a plurality of processor
threads 85 capable of executing multiple program tasks
according to FIG. 3. The base servers in the source system
configuration may also have a plurality of processor chips
with a plurality of microprocessor cores on each processor
chip and the capacity to operate multiple processor threads
per microprocessor core. The preferred embodiment of the
present invention is focused on providing a means by which
the performance of a destination system configuration 115
may be compared to a source system configuration 114 when
the processor configurations are multi-thread, multi-core and
multi-chip. For example, the source system configuration
114 may have servers with a plurality of processor chips,
each processor chip having only a single-thread on a single
core per processor chip, whereas the destination system
configuration 115 may assume, for example, a quad-core
dual threaded CPU architecture for a plurality of processor
chips per server. The performance measurement to be com-
pared is typically the resource utilization of the systems and
the response time to the workloads presented to the systems.

Continuing with FIG. 4, the capacity planning system 100
obtains CPU performance data from external CPU data
repositories 101 in data collection step 105. The CPU
performance data is organized and stored by data collection
step 105 into an internal CPU data repository 102. Those
skilled in the art will appreciate that many of the functions
of system 100 can be carried out in a software application
running on a machine resident on the network or having
access to the data required to complete the methods of the
invention.

FIG. 5 shows CPU performance data in internal reposi-
tory 102 in the preferred embodiment of the present inven-
tion. CPU performance data is tabulated into a set of records
130 wherein each record represents a system configuration
containing at least a system description 131, an operating
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system type 132, processor chip type 133, processor clock
speed 134, number of chips in the system 135, number of
cores per chip 136, number of processor threads per core
137, a measured single thread performance S_meas 138 and
at least one measured throughput performance rate R_meas
139. The measured performances 138 and 139 are preferably
the SPECint2006 and the SPECint_rate2006 from Standard
Performance Evaluation Corporation. In the preferred
embodiment, data collection step 105 uses an automatic
process to periodically scrape SPECint2006 and SPECin-
t_rate2006 data from the SPEC web site. SPECint_rate2006
measures the CPU performance in cases where multiple
CPUs, multiple cores and multiple threads are in use. Of
course, this performance data may be obtained from other
sources such as actual lab measurements or from systems
manufacturers.

After the CPU performance data has been stored in
internal repository 102, capacity planning system 100 ana-
lyzes the CPU performance data to create an eight parameter
scalability fit in scalability modeling process 108. The eight
scalability parameters are determined for each system of
interest in the internal repository 102 and stored into per-
sistent storage as scalability factors 110. In practice, the
stored scalability factors 110 are stored as separate columns
in the internal repository 102. The scalability factors deter-
mine a linear and an exponential fit to each of four system
CPU characteristics, the four characteristics being the oper-
ating system (OS) scalability, chip scalability, core scalabil-
ity and thread scalability. Table 1 shows the how the
scalabilities are determined for a system.

TABLE 1
Linear Exponential
Scalability Scalability
Entity  Factors Factors Scale factors
[} L[1] all] N[1] = total number of active threads
servicing CPU requests in the system
Chip L[2] al2] N[2] = number of CPU chips having
(CPU) active threads
Core L[3] al3] N[3] = number of cores/chip having
active threads
Thread L[4] al4] N[4] = number of active threads/core

utilized
EffectiveNElements[i] = (1 + L[i] x (N[i] - 1)) x a[i]®T-
Scalability[i] = EffectiveNElements[i]/N[i]

System_Scalability = 1_[ Scalability[i]

“EffectiveNElements” is the effective number of scalable
processing elements and “Scalability” is the efficiency of the
processor configuration on a scale from 0 to 1, the L[i] are
linear scalability factors and a[i] are exponential scalability
factors where 0<L[i]=l and O<a[i]=l; and N[i] is the
number of elements that are active so that N[i] is always less
than or equal to the total number of elements available in the
system. For example, in determining core scalability for
dual-core chips, N[3]=2. In the case that any of NJi]=l,
EffectiveNElements [i] and Scalability[i] reduce to 1 mean-
ing that the efficiency in that case is equivalent to the
performance of a task running on a single element in
isolation and therefore experiencing no degradation due to
contention between potentially competing CPU resources.
The total scalability of the system, “System_Scalability”, is
the product of scalability [i] of the four characteristics for
i=1.4 and is the amount of work in CPU-secs per second of
real time. It is useful to define Deliverable_Thread Com-
putation=System_Scalable.

10

15

25

30

35

40

45

50

55

60

10

The equations of Table 1 are valid in the case of sym-
metric dispatch of CPU requests, wherein active threads are
evenly distributed across processor chips. Otherwise the
system efficiency must be calculated from the perspective of
each active thread such that N[4] describes the number of
competing threads in the same core.

The analysis process 120 uses these basic formula to
analyze the source system configuration 114 and the desti-
nation system configuration 115 using either a discrete event
simulation or a standard queuing theory analysis to predict
system response times and component utilizations. Each of
these types of analysis is available in capacity planning
applications such as “Modeler™” and “Capacity Plan-
ner™”  available from Hyperformix, Inc. of Austin, Tex.
Analysis process 120 is described further in connection with
FIG. 7.

The results of analysis process 120 are compared in
system comparison step 123 to arrive at the level of
improvement (or degradation) in system performance due to
a potential migration from source system configuration 114
to destination system configuration 115 (or to some other
potential change to the system such as a workload change or
server upgrade). A criteria determined by the capacity plan-
ner is used to decide whether it is favorable to migrate to the
destination system configuration 115. In cases, where migra-
tion is favored the destination system configuration is imple-
mented in implementation step 125. In cases where migra-
tion is not favored, the capacity planner will typically adjust
the destination system configuration 115 and perform analy-
sis step 120 in an iterative manner 117 until the desired
improvement or cost benefit is obtained. A typical criterion
for favoring the implementation step 125 would be improve-
ment in utilization by some given amount, for example a
reduction in average CPU utilization from a source system
90% CPU utilization to a destination system 50% CPU
utilization. Reduction in average response time for system
software applications form reasonable criteria for capacity
planning process 100. In the case of using a discrete event
simulation, estimates for peak response times and peak
utilizations are also possible.

FIG. 6 shows a diagrammatic example of how the com-
ponent and system efficiencies are computed. The diagram
shows a CPU architecture having a 2 processor chip, 2 cores
per chip, and 2 threads per core with a specific processor
type and a specific operating system (“OS”). Processor chip
150 has core 151 and core 152. Core 151 has two processor
threads capable of operating two program tasks. Core 152
has two processor threads capable of operating two program
tasks. Processor chip 155 has core 156 and core 157, core
156 having two processor threads capable of operating two
program tasks and core 157 having two processor threads
capable of operating two program tasks. An unused thread is
designated by an “O” and an active thread is designated by
an “X”. In this example, five CPU requests have been
dispatched and therefore five threads are actively servicing
tasks. On processor chip 150, three threads are active: two
threads on core 151 and one thread on core 152. On
processor chip 155, two threads are active: one thread on
core 156 and one thread on core 157. The given dispatch
describes a non symmetric dispatch of CPU requests. The
tasks running on cores 156 and 157 should generate a higher
efficiency since there is lower contention for resources on
chip 155. An exemplary table of scalability factors 160 has
been arbitrarily chosen as an example. Typically, data such
as the data in table 160 would be taken from scalability
factors 110 for the specific processor type and OS. One
might expect the scalability of such an architecture to be
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approximately the number of active threads (equal to 5
CPU-secs/second), that is the architecture delivers comput-
ing work at the same rate as if there were five independent
processors.

Table 165 presents a typical scalability analysis for core
151. Table 168 presents a typical scalability analysis for
cores 152, 156 and 157.

Table 160 is a list of linear scalability factor L[i] and a list
of exponential scalability factors a[i] for i=1 . .. 4 for a set
of elements, element [1]=0S, element [2]=chip, element
[3]=core, element [4]=thread, for which N[1]=5, N[2]=2,
N[3]=2 and where N[4]=2, respectively, and for core 151,
N[4]=1 for cores 152, 156 and 157.

For the first core, core 151, EffectiveNElements [i] 163a,
scalability [i] 164a, and system_scalablity 165a are calcu-
lated using equations from Table 1 for the data provided in
table 160. Similarly for cores 152, 156 and 157, Effective-
NElements [i] 1635, scalability [i] 1645, and system_scal-
ablity 1665 are calculated as in Table 1.

To illustrate the calculation, the thread EffectiveNEle-
ments of core 151 is computed in table 165, column 163a,
according to:

EfA1=[(1+(0.25)(2-1)](1)"(2-1)=1.25

And the thread scalability of core 151 is computed in table
165, column 164a, according to:

S[AJ=E[4]/2=0.625

since there are 2 threads contending for resources at core
151. Similarly, the thread EffectiveNElements of cores 152,
156 and 157 are computed in table 168 column 1634
according to

E'[A1=(1+0.25(1-1))*1"(1-1)=1.0

and the thread scalability of cores 152, 156 and 157 are
computed in table 168, column 1645 according to

S'[A]=E'[A11=1.0,

since there is only 1 thread per core on cores 152, 156 and
157. System scalability of core 151 is computed as:

(0.988)*(0.975)*(0.950)*(0.625)=0.572.

The results of similar computations for OS, chips and
cores are shown in tables 165 and 168, table 165 for tasks
on core 151 and table 168 for all other tasks. In table 165 the
two active threads on core 151 are running at 57% efficiency
due to contention between the chips, cores and threads. In
table 168 the two active threads on cores 156 and 157 are
running at 91.5% efficiency. The average efficiency across
all five threads is a weighted average equal to 77.8% so that
computing work is done at a rate of 5%0.778=3.88 CPU-
secs/second. An analytic queuing model computes and uses
the average efficiency as described below and a discrete-
event simulation model simulates the efficiency experienced
by each task individually, a more accurate approach.

FIG. 7 is a flow diagram of a first embodiment of analysis
process 120 for analyzing the performance of a computer
system configuration. In FIG. 7 the analysis process 120 is
shown as discrete event simulation process 121 which starts
by specifying in a discrete event simulation of a computer
system configuration the system parameters 310. System
parameters 310 contain at least the description of the oper-
ating systems 311; the CPU architectures 312; hardware
resources 313 such as disk drives, memory, and network
interface cards; network topology 314 which describes how
the system is interconnected including software dependen-
cies; applications 315 that will run on the system and be
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simulated; workload 316 which describes at least the rate at
which applications submit CPU requests to the system.

Once the system parameters 310 are specified, the simu-
lation process continues in lookup step 320 by looking up
the scalability factors from stored scalability factors 110
using CPU architectures 312 and operating systems 311
specified in system parameters 310. The system scalability
factors 322 are stored in memory of the host computer
system and available for use during the discrete event
simulation to compute dynamic efficiencies and expected
times of completion for submitted tasks.

The discrete event simulator 300 now executes in simu-
lation process 324 until it has reached a predetermined
simulated time, or some other ending criterion, at which
time the simulation process ends 326, storing simulation
results 325 which may include at least average response
times for CPU requests and average CPU utilizations. The
discrete event simulation may also produce “break-out”
results such as CPU utilization by specific users, user
classes, specific applications or transaction types in addition
to larger scale results such as user end-to-end response time
including other resource usage.

FIGS. 8A, 8B and 8C together form a pseudocode listing
showing an implementation embodiment of a simulated
CPU task handler for CPU usage on one server within the
discrete event simulation process 324 of FIG. 7, the task
handler having the capability to dynamically dispatch and
track CPU requests in the presence of multiple chips with
multiple cores per chip and multiple threads per core. FIG.
8A shows that the simulated CPU task handler has a number
of system server characteristics 330 including the number of
processor chips in the system, number of cores per chip, the
total number of cores, the number of threads per core, the
total number of available threads. The server simulator
model has server scalability factors 332, which is a subset of
the system scalability factors. There are dynamic variables
333 used by the simulated task handler 334: a task index, ith;
number of dispatched tasks, ntasks, in the server system not
including queued tasks waiting for dispatch; a vector of CPU
times requested for each task; and a vector of deliverable
thread capacities for each task.

FIG. 8B shows the pseudocode for the simulated task
handler. The simulated task handler continuously services
task dispatch events in event handler loop 334 which is
started when the discrete event simulator process 324
begins. HandleDispatchEvent( ) procedure 335 is called by
event handler loop 334 when a dispatch event occurs.
HandleDispatchEvent( ) procedure 335 begins by deciding if
the table dispatch event is a new task or a completion of a
task. If a new task is to be dispatched the number of tasks
in the system is incremented and the requested service
demand stored accordingly; this will affect the CPU effi-
ciency according to which threads are being actively used
and which thread will be used to service the CPU request so
that the estimated completion times of active tasks will have
to be recomputed. Note that service demand is requested
CPU time, typically in SPECint units that have been con-
verted to CPU-seconds in the pseudo code of FIGS. 8A, 8B
and 8C.

If the jth task is completed, then all tasks for ith >j are
redispatched to the next lowest dispatch order, ith-1, by
adjusting the ServiceDemandRemaining vectors. Then the
number of active tasks is decremented by one. If service
demands are then recomputed in [ServiceDemandCom-
pleted] since the last allocation event for all remaining tasks
by calculating the amount of processor work completed and
reducing the ServiceDemandRemaining by that amount for
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each task. The amount of processor work yet to be done for
each task is specified by ServiceDemandRemaining. In
either the case of a new task being dispatched or a previous
task being completed, new times of completion are recal-
culated for each task in dispatch process 337. The earliest
time of completion will become the next event for this
simulated server if no new tasks arrive in the interim.

Dispatch process 337 looks up the chip and core position
of each task and computes a delivered thread capacity
(DTC) for each task by calling DeliveredThreadCapacity
process 338. Furthermore, an expected time of completion
for each task (Expected TimeOfCompletion) is computed for
use by the discrete event simulator engine.

DeliveredThreadCapacity is computed in process 338
according to the previously described method for calculating
OS, chip, core and thread efficiencies, the methods using
scalability factors 332 to compute scalabilities as indicated
explicitly in FIG. 8C as set of methods 339.

Set of methods 336 specifically give the number of
elements utilized according to dispatch order rules.

The dispatch order implicitly following the dispatch order
rules of (1) selecting the first available chip with the fewest
number of active threads servicing tasks; (2) selecting the
first available core on that chip with the fewest number of
active threads servicing tasks; (3) selecting an idle thread on
the selected core and selected chip.

DeliveredThreadCapacity 338 computes and returns the
system_scalability as in Table 1 for the active thread on ichip
and icore, for nthreads active threads in the system.

In FIG. 8C, steps 336 show the computational procedures
for the number of contending elements from threads, cores
and chips according to the dispatch order. The number of
contending elements in each case becomes the correspond-
ing N[i] of Table 1.

Steps 339 then implement theEffectiveNElements [i] cal-
culations of Table 1 for OS, chips, cores and threads,
respectively for OS. OS_EffectiveNElements, Chip_Effec-
tiveNElements, Core_EffectiveNElements; and Thread_Ef-
fectiveNElements.

The dispatch order rules given and utilized in connection
with the methods of FIGS. 8A, 8B and 8C are not the only
method to dispatch tasks to a multithreaded, multicore set of
processor chips; however, the dispatch order rules that cause
CPU requests to be as evenly distributed as possible across
the processor chips and cores will typically maximize effi-
ciency. In actual systems, dispatch order may follow differ-
ent rules. For example, some operating systems use rules
based on processor affinity wherein tasks may not be redis-
patched to a different chip or in some cases to a different core
when other tasks arrive or complete. In a discrete event
simulator, OS system alternative dispatch order rules may be
followed, for example, by using linked lists to track the
position of a task within the thread hierarchy. The funda-
mental formulas are applied the same way as in the Effec-
tiveNElements calculated in set of methods 339, however,
the number of elements utilized, as calculated in set of
methods 336, for the given dispatch order rules must be
computed in a manner consistent with the alternative dis-
patch order rules. Similarly, Dispatch process 337 would
follow the alternative dispatch order rules. The present
inventive concepts are not limited to a specific method of
dispatch.

FIG. 9 is a flow diagram of a first embodiment of analysis
process 120 for analyzing the performance of a computer
system configuration. In FIG. 9 the analysis process 120 is
shown as analytic modeling process 122 which starts by
specifying 400 in an analytic model of a computer system
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configuration the system parameters 410. System parameters
410 contain at least the description of the operating systems,
the CPU architectures and hardware resources 411 such as
disk drives, memory, and network interface cards; network
topology 414 which describes how the system is intercon-
nected including software dependencies; applications 412
that will run on the system and be simulated; workloads {w}
413 including at least the rates A, per workload w at which
applications submit CPU requests to the system and mea-
sured CPU utilizations {U(w)} for workloads {w}.

Once the system parameters 410 are specified, the analytic
process continues in step 420 by looking up the scalability
factors from stored scalability factors 110 using CPU archi-
tectures 412 and operating systems 411 specified in system
parameters 410. The system scalability factors 422 are
stored in memory of the host machine and are available for
use in analytic calculations to compute service rate vectors
{u()} and estimated service times {S,,} per workload w and
which in turn are submitted to standard queuing theory
analysis 430. The service rate vectors {p(i)} are computed in
service rate calculation 424 and stored as service rate vectors
425. The service times {S,} are computed in estimate
service time process 428 and stored as service times 429.

Standard queuing theory analysis 430 yields information
434 about the system with system configuration 410, the
information 434 including at least the average response time
per workload w and the estimated average CPU utilization
<U(w)> per workload w or per set of workloads {w}
submitted at submission rates, {AMw)}.

FIG. 10 show a pseudo code listing for service rate vector
calculation 424. This calculation is performed for each
processor configuration in the system. A set of parameters
450 derived from system configuration parameters 410 and
system scalability factors 422 are required to perform ser-
vice rate vector calculation 424 for a given server. The
service rate vectors are computed for each server in the
system specified in system configuration parameters 410 for
a complete capacity planning analysis.

Set of parameters 450 includes the number of processor
chips in the given server, number of cores per chip in the
given server, the total number of cores in the given server,
the number of threads per core in the given server, and the
maximum number of usable threads on the given server. The
analytical model has server scalability factors 451, which is
a subset of the system scalability factors 422. Additionally,
there are variables utilized in the pseudo code listing: i,
which is an index for counting the number of tasks dis-
patched to threads on the given server, ichip is a chip index
selecting one of the chips on the given server, icore is a core
index selecting one of the cores on the selected chip.

The primary step of computing (i) 454 essentially sums
the delivered capacity of each active thread when i threads
are dispatched to the server system. The delivered capacity
is computed in procedure 455 for a given core, icore, and a
given chip, ichip, wherein the OS EffectiveNElements, chip
EffectiveNElements, core EffectiveNElements and thread
EffectiveNElements are computed according to steps 339 in
conjunction with corresponding numbers of contending ele-
ments computed in step 336 of FIG. 8C.

The dispatch order rules given and utilized in connection
with the methods of FIGS. 8A, 8B and 8C are utilized
implicitly in connection with the ServiceRateCalcuation 424
of FIG. 10. Alternative embodiments are envisioned wherein
alternative dispatch order rules are followed and the Servic-
eRateCalcuation 424 adjusted accordingly, the present
inventive concepts not being limited to a specific method of
dispatch.
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FIG. 11 is a pseudo code listing of estimate service times
process 428. This estimation process is performed for each
processor configuration in the system. A set of parameters
440 are required to perform process 428 and to describe the
elements therein. The set of parameters 440 include service
rate vectors [1(i) as calculated in service rate calculation 424
for i active threads in the given system, the maximum
number of threads in the system, measured utilization per
workload, measured utilization summed over all workloads,
arrival rate of workloads, the maximum number of iterations
to perform in the estimation process, and the required
tolerance for converging the process. The required tolerance
is typically between 0.1% and 1% difference between mea-
sured and computed utilizations. Process 428 operates to
find the set of service times {S,,} for each workload w
consistent with measured utilizations {U, } and arrival rates
{\.,} that correctly predict the total CPU utilization when all
workloads are running.

Maximum and minimum efficiencies are computed in step
442, the maximum efficiency being 1 (one) by definition and
the minimum efficiency being the minimum of p(i)/i of all
possible threads i in the system. The initial service time
estimates {S,,} are derived in step 444 wherein the efficiency
E is effectively an adjustment parameter that will be itera-
tively adjusted to some value between E_min and E_max as
given in step 442. Iteration step 446 repeats the process of
adjusting service times {S, } and predicting an overall traffic
intensity p and utilization U from the adjusted service times
{S,}, until one of the following is true: (IU-
U,I<U_tolerance), or the maximum number of iterations is
exceeded. Service times {S,} are adjusted within iteration
step 446 according to the adjustment step 448.

The present invention includes a system for creating a set
of scalability models encapsulated in scalability modeling
process 108 of FIG. 4, and for which a detailed description
now follows. According to FIG. 4 a set of performance data
has been assembled into internal repository 102. A table
describing the set of records 130 in internal repository 102
is given in FIG. 5.

Turning to FIG. 12, with reference to FIG. 4 and Table 1,
a description of scalability modeling process 108 is shown.
In step 499, all scalability parameters are set to 1 as an initial
estimate. In step 510, the scalability parameters {(L[1],
a[1])} for a set of operating systems are estimated from the
data in internal repository 102 and stored in scalability
factors 110. At step 520, a set of core scalability parameters
{(L[3], @[3])} are estimated for a set of processor chip types
and stored in scalability factors 110. At step 525, a set of
thread scalability factors {(L[4], c[4])} are estimated. In
step 530, the scalability parameters {(L[2], a[2])} for a set
of system architectures is estimated and stored in scalability
factors 110. The scalability parameter estimates having been
propagated throughout the data sets of interest are then
revised steps. All data is stored in memory of the host
machine.

In step 540 the set of OS scalability parameters are
adjusted for each operating system and then the set of chip
scalability parameters is adjusted for system configurations
and system architectures. In step 550, the set of core
scalability parameters and the set of thread scalability
parameters are adjusted. The process terminates at step 551.

In the preferred embodiment of the present invention, the
scalability modeling process 108 is performed periodically
on the internal repository 102 as internal repository 102 is
periodically refreshed with data from new systems that has
been gathered from the internet or other sources.
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Detailed descriptions of estimate steps 510, 520 and 530
will now be described in relation to FIG. 13. In the evalu-
ation of scalability factors for adequate fit to the data, several
records are grouped into a dataset 502 in which system
throughput capacity is calculated and compared to measured
throughput data to determine the “goodness™ of fit of a
scalability factor. Method 500 begins at step 501 in which
reduced dataset 502 is chosen from the records in the
internal repository 102. Reduced dataset 502 is comprised of
groups of records sharing a common feature such as oper-
ating system type or processor type. At step 503, the system
scalability is calculated according to the formula for “Sys-
tem_Scalability” given in Table 1 where N[2] is taken as the
number of processor chips 135, N[3] is taken as the number
of cores per chip 136, N[4] is taken as the number of threads
per core 137, and

N[1]=N[2]*N[3]*N[4],
is the total number of threads at which the multithread
performance 139 is measured. Step 503 is then repeated for
all records in reduced dataset 502.

In step 504, the system_scalability is normalized accord-
ing to the equation:

Equiv_CPU=System_Scalability*N/1]

Step 504 is repeated for all records in the reduced data set
502.

In step 505, the computed performance rate, R_calc is
calculated from the measured single threaded performance
138, S_meas, for the first record in dataset 502 according to

R_cale=S _meas*Equiv_CPU

Step 505 is repeated for all records in dataset 502.

In step 506, the least squares error between a measured
performance rate R_meas 139 and the computed perfor-
mance rate R_calc is calculated for each record and summed
over all records, r, according to:

Z (R_cale — Rﬁmeas)2

error = — >
(R_meas)

R_meas 139 for each record is obtained from known sources
of performance data such as the manufacturer of each
system. S_meas is commonly referred to in the art as
SPECint data. R_meas is commonly referred to in the art as
SPECint_rate data. The error is checked to be minimal in
step 507 by comparison against a predetermined standard
and if not acceptable, the process continues at step 508. At
step 508, calculation of the scalability factor according to
process 500 is repeated. If the error is determined to be
acceptable, process 500 ends at step 509. Criteria for mini-
mization in the preferred embodiment are error <1% or a
given number of iterations on the dataset 502, typically 10
or less.

The least squares method to determine the error is the
method used in the preferred embodiment. In alternate
embodiments of the present invention, other measures of
goodness of fit may be used without substantially changing
the scalability modeling process.

FIG. 14 is a flow diagram of substeps that comprise step
510 of FIG. 12. In step 600, records 130 are organized such
that records having similar processor chip types, operating
systems and compilers are grouped together into a reduced
dataset 601. In step 603, a particular operating system type
is chosen from the operating systems represented in reduced
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data set 601 and resulting records from an OS dataset 602.
In step 605, the “largest systems” within the chosen OS
dataset 602 are sorted into further reduced dataset 606 for
evaluation. “Largest system” means systems with the largest
number of threads and with at least three different sets of
measured performance rates. “Measured performance rates”
are parameters such as processor speed and SPEC-int rate
that are provided by the manufacturer. Within further
reduced dataset 606, records with single threads per core are
selected in step 610 and organized into sorted dataset 608. In
step 615, the OS scalability parameters for records in sorted
dataset 608 are used to estimate the scalability factors of the
OS as set out in process 500 of FIG. 13. In step 620, the OS
scalability factors are copied to all other records for the OS
dataset 602 resulting in modified dataset 621. Steps 615 and
620 are repeated using the modified dataset on each pass
until the error is minimized to an acceptable level (as shown
in step 507 of FIG. 13). In step 625, the OS scalability
factors are copied to all records in the internal repository
with that OS. The process 510 is repeated at step 603 for all
other operating systems in the internal repository.

FIG. 15 is a flow diagram of step 520 of FIG. 12. In step
640, records 130 having similar processor chip types are
grouped together to form dataset 657. In step 641, a type of
processor chip is selected from the groups in the dataset 502
and stored in reduced dataset 645. In step 642, the reduced
dataset is further sorted for the “smallest systems” with the
same compiler into sorted dataset 647. The “smallest sys-
tems” are defined as those with the smallest number of active
cores. “Active cores” are those cores having a task running
on a thread. In step 644, the sorted records are further
grouped by similar processor chip clock rate and compiler
into sorted dataset 649. In step 646, specific records from the
clock rate grouped records are chosen having single core
2-thread processors. In step 648, thread scalability factors
are estimated as shown in process 500. At step 650, the
thread scalability factors are copied to all records within
reduced dataset 645. In step 652, records from reduced
dataset 645 resulting from step 650 are selected if they have
multiple cores and a single thread per core and are stored in
sorted dataset 653. In step 654, core scalability factors are
then estimated as shown in process 500 using the specific
record with single core 2-thread processors. Finally, in step
656, the core and thread scalability factors are copied to all
records in the dataset 502. Process 520 is repeated for all
other processor chip types in the internal repository.

FIG. 16 is a flow diagram of step 530 of FIG. 12. In step
660, records 130 having similar system architectures are
grouped in dataset 672. In step 662, a given system dataset
for a particular system architecture is chosen to operate upon
as reduced dataset 663. In step 664, the systems with the
“largest number” of processor chips within the particular
system architecture are sorted into a sorted dataset 665. In
step 666, the chip scalability factors are estimated as shown
in process 500. In step 668, the chip scalability factors are
copied to all other records in reduced dataset 663. In step
670, chip scalability factors are estimated as shown in
process 500 for sorted dataset 665 as modified by step 668.
The process 530 is repeated beginning at step 662 for all
other system architectures in the internal repository 102.

The invention claimed is:

1. A method of determining a set of scalability factors for
linear and exponential scaling characteristics of an operating
system for use in analyzing system performance for a source
system configuration and a destination system configuration
to determine a system performance level, the method com-
prising:
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receiving a set of CPU performance data;

storing the set of CPU performance data in an internal
CPU performance repository;

deriving an analysis of the set of CPU performance data
by a set of characteristics of the operating system, a
chip architecture set, a number of chips, a number of
cores per chip, and a number of supported threads per
core;

wherein the analysis is derived using a discrete event

simulation or a standard queuing theory analysis;
determining the set of scalability factors based on the
analysis;

comparing the system performance level with an expected

system criteria;

determining if the system performance level meets the

expected system criteria;

adjusting the destination system configuration if the sys-

tem performance level does not meet the expected
system criteria; and

selecting the destination system configuration for imple-

mentation when the system performance level meets
the expected system criteria.

2. The method of claim 1, further comprising:

comparing the system performance level with an expected

system criteria;

determining if the system performance level meets the

expected system criteria;

adjusting the destination system configuration if the sys-

tem performance level does not meet the expected
system criteria; and

selecting the destination system configuration for imple-

mentation when the system performance level meets
the expected system criteria.

3. A capacity planning system to determine a destination
system configuration when planning and implementing a
system migration from a source system configuration having
a first set of servers with a first set of nodes, a first set of disk
drives, a first set of memory, and a first set of NICS to a
destination system configuration having a second set of
servers with a second set of nodes, a second set of disk
drives, a second set of memory, and a second set of NICS,
wherein the first set of servers includes a first set of
processor chips, each processor chip of the first set of
processor chips having a first set of microprocessor cores
and a first set of processor threads for each microprocessor
core of the first set of microprocessor cores capable of
executing multiple program tasks, and wherein the second
set of servers includes a second set of processor chips, each
processor chip of the second set of processor chips having a
second set of microprocessor cores and a second set of
processor threads for each microprocessor core of the sec-
ond set of microprocessor cores capable of executing a
plurality of program tasks, the capacity planning system
comprising:

a set of source parameters describing the first set of

servers;

a set of destination parameters describing the second set

of servers;

wherein the capacity planning system is programmed to

receive a set of CPU performance data from a set of
external CPU data repositories, store the CPU perfor-
mance data in a set of internal repositories, and analyze
the set of CPU performance data using a discrete event
simulation or a standard queuing theory analysis, to
create a scalability fit with a linear component and an
exponential component;



US 9,450,806 B2

19

wherein the capacity planning system is further pro-
grammed to determine the destination system configu-
ration and performance from the scalability fit, the set
of source parameters and the set of destination param-
eters;

wherein the set of CPU performance data includes a
tabulated set of records; and,

wherein each record of the tabulated set of records con-
tains a system description, an operating system type, a
processor chip type, a processor clock speed, a number
of chips, a number of cores per chip, a number of
processor threads per core, a measured single thread
performance, and a measured throughput performance
rate.
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